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Executive Summary 

Introduction: The COVID-19 pandemic has introduced a global health crisis, the impacts of 
which extend beyond the health sector to affect people’s daily lives in various ways. This 
includes educationally, as the U.S. K-12 school system became a site of substantial social 
disruption. To help build knowledge about students’ educational experiences during the 
pandemic, our study examines the responses of K-12 schools to COVID-19, parents’ satisfaction 
with schools’ responses, and whether the transition to online schooling has corresponded with 
reported changes in students’ physical and mental health. Additionally, we observe how these 
outcomes vary based on child, parent/guardian, household, school and other geographic factors.   
 
Data & Methods: For this project, we surveyed 195 parents/guardians of K-12 students in the 
United States whose schooling was interrupted by COVID-19, and combined the responses with 
information from the United States Census Bureau and the Centers for Disease Control and 
Prevention about the area in which families’ schools are located. We used binary logistic 
regression to test bivariate relationships between our outcomes of interest and the independent 
variables. As such, we do not claim to have evidence of causal relationships or mechanisms. 
 
Sample: Many of the parents/guardians who responded to our survey, which we distributed 
through our personal and professional networks, were middle to upper-middle class, with 
household incomes and degrees that are higher than the national average. The sample is also 
Whiter and more Asian, and less Black and Latinx than the U.S. population. The focal children 
were younger than American students as a whole. There was also a substantial gender skew 
among respondents, who were overwhelmingly cis women. The schools were typically located in 
areas that are Whiter, more educated, and more urban than the U.S. as a whole. Therefore, we do 
not claim that our survey is nationally representative. However, we believe it can still provide 
tentative insight to help us better understand the dynamics we focus on here.  
 
Results: Within our middle/upper-middle class, predominantly White sample, we found that 
educational changes during the COVID-19 pandemic has meant high, but varying, technological 
requirements for students, satisfaction with educational outcomes among a majority of 
respondents, and relatively little negative health fallout for students. Most of the bivariate 
relationships we tested were statistically non-significant. However, even within our fairly 
homogeneous sample, we observed several statistically significant trends that tentatively support 
the idea that the experience of the COVID-19 pandemic is heterogeneous, sometimes in ways 
that mirror broader patterns of social stratification. As one noteworthy example, we find that 
Black respondents and respondents with Black children were more likely than their White 
counterparts to report worse physical health for their children during the pandemic, versus prior 
to the crisis. This aligns with research by Bonilla-Silva (2020), who outlined how widespread 
colorblind racism within U.S. society is yielding racialized disparities in how communities are 
affected by the pandemic. 
 
Conclusion: This survey provides some preliminary insight about U.S. K-12 students’ schooling 
during the first few months of the pandemic. Future studies that incorporate a more 
representative sample, control variables, a longitudinal structure, and consider the rest of the 
pandemic will be important for further elucidation. Cohort studies may also help us understand 
the possible long-term effects which many are currently anticipating (e.g., CDC, 2020).  
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Introduction 

The COVID-19 pandemic has introduced a global health crisis, the impacts of which extend 

beyond the health sector to affect people’s daily lives in various ways. The U.S. K-12 education 

system became a site of substantial social disruption, as states and local governments 

implemented stay-at-home orders and required schools to abruptly cancel in-person classes and 

possibly shift to online learning. The unprecedented nature of this transition made it widely 

challenging; its influence on the education system will likely reverberate well into the future. At 

this early stage of the pandemic, we still have a lot to learn about the pandemic and how it has 

shaped, and will continue to shape, our lives. This research about the first months of the 

pandemic adds to the discussion about how K-12 students, their families, and their schools were 

navigating the COVID-19 pandemic during initial school closures.  

To contribute to our knowledge about educational experiences during the pandemic, our 

study examines the responses of K-12 schools to COVID-19, parents’ satisfaction with the 

schools’ responses, and whether the transition to online schooling has corresponded with 

reported changes in students’ physical mental and health. Additionally, we observe how these 

outcomes vary based on child, parent/guardian, household, school and other geographic factors.  

To facilitate this research, we surveyed the parents/guardians of K-12 students in the United 

States whose schooling was interrupted by COVID-19, and combined the responses with 

information from the United States Census Bureau (U.S. Census) and the Centers for Disease 

Control and Prevention (CDC) about the area in which families’ schools are located. This 

research is critical for understanding the extent to which the COVID-19 pandemic may have 

affected students and their educational experience. In turn, this can have substantial implications 

for future socioeconomic status and mental and physical wellbeing (Wang & Geng, 2019).   

Many of those who responded to our survey, which we distributed through our personal 

and professional networks, were middle to upper-middle class, with household incomes and 

degrees that are higher than the national average. The sample is also Whiter and more Asian, and 

less Black and Latinx than the U.S. population. The focal children were younger than American 

students as a whole. There was also a substantial gender skew among respondents, who were 

overwhelmingly cis women. The schools were typically located in areas that are Whiter, more 

educated, and more urban than the U.S. as a whole. Therefore, we do not claim that our survey is 



4 

nationally representative. However, we believe it can still provide tentative insight to help us 

better understand the dynamics we focus on here.  

Within the disproportionately White, middle-class sample we drew for our research, we 

found that educational changes during the COVID-19 pandemic has meant high, but varying, 

technological requirements to complete schoolwork, satisfaction with educational outcomes 

among a majority of respondents, and relatively little negative health fallout for students. 

Further, even within our relatively homogeneous sample, we observed several statistically 

significant trends that tentatively support the idea that the experience of the COVID-19 

pandemic is heterogeneous, sometimes in ways that mirror broader patterns of social 

stratification.  

 

Background 

The COVID-19 pandemic has caused a series of health crises around the world, infecting nearly 

32 million people and killing over 950,000 globally, including more than 6.7 million cases and 

nearly 200,000 deaths in the United States to date (as of September 19, 2020) (Johns Hopkins 

University & Medicine, 2020). While painting a stark picture, these figures are likely 

conservative measures of the pandemic’s far-reaching impact. That is, they do not take into 

account the many infections that have not been documented or the deaths that are due to COVID-

19, directly or indirectly, but are not counted as such (Huang, 2020; Roberton et al., 2020). Like 

many countries, the U.S. has responded to the health concerns of the public with stay-at-home 

orders throughout the nation (Lee, 2020). This means that many K-12 students have had to 

transition from daily physical attendance at school, Monday to Friday, to distance learning 

(Gainor, 2020). There is still much we do not know about the potential effects of COVID-19 on 

K-12 students as we are witnessing the most widespread implementation of school closures in 

the history of the United States. Therefore, our research seeks to provide information about the 

possible impact of COVID-19 on education experiences and parent-reported health of their 

students.        

 COVID-19 is likely impacting students’ education in a variety of ways. In many cases, 

schooling was paused while administrators developed localized solutions. Whether instruction 

resumed at all during the 2019-2020 school year, online or in-person, and whether academic 

expectations have shifted along with the support and resources schools are offering, have 
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differed substantially across schools (Lake & Dusseault, 2020; Minnesota Department of 

Education, 2020). This has meant students across the country are facing varying necessary 

adjustments as the crisis continues. One possible feature of this is a greater reliance on at-home 

electronic equipment, like computers, to complete and submit all or most schoolwork. Aside 

from a loss of access to computers at school and the opportunity to complete and submit hard 

copies of at least some work in-person, electronic tools might also be necessary for video 

conferencing, which many teachers have incorporated to maintain direct instruction (Goldstein et 

al., 2020). Additionally, without face-to-face class meetings, communication between schools, 

students, and teachers became crucial for navigating the transition. This was perhaps especially 

so during the period of this research, the first months of the crisis, when the level of uncertainty 

about the virus was perhaps particularly high, and fast-changing health and safety guidelines 

corresponded with shifting federal, state, and local practices and policies in response (Ioannidis, 

2020). Yet, how much schools communicate with families may differ dramatically based on 

school policy and the practices of individual teachers.  

There are likely many reasons for differences in spring 2020 practices across schools.  

While we do not have the space or data to consider all possible causes, we emphasize the 

likelihood that funding disparities across districts greatly shape schools’ capacity to respond to 

the pandemic. U.S. public schools have significantly unequal financial resources, largely because 

property taxes are a key source of school funding and the more expensive communities’ 

properties are, the more revenue taxes generate for this purpose (Burnette, 2020). Given the 

ongoing American tradition of residential segregation by race, ethnicity, and social class (Logan, 

2013; Owens et al., 2016), there are substantial racialized and class-based differences in school 

resources.  

 In turn, this creates disparities in schools’ ability to pay a sufficient pool of teachers to 

maintain instruction and offer equipment loans to students without the necessary electronics at 

home. Recent statistics suggest that 11 million U.S. students do not own a computer or have to 

share one with a sibling (USAFacts, 2020)—which is more common among lower-income 

households (Kamenetz, 2020)—and roughly one out of every six households with school-aged 

children lacks at-home access to high-speed internet (Reilly, 2020). Given that residential and 

corresponding school segregation typically concentrates students with limited technological 

access within schools that have fewer financial resources, it is likely that—like during non-
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pandemic times—the schools with the greatest needs during the pandemic may be less able to 

meet those needs (Lake & Makori, 2020).  

Further, local infrastructure may influence how schools are able to respond to school 

closures. That is, areas without widespread access to high-speed internet may be less likely to 

require students to complete work online or to incorporate video-based instruction. We expect 

infrastructure-related challenges may be more likely in rural districts and those with relatively 

low stores of local tax revenue. 

Variation in school responses to the pandemic implies differences in school effectiveness 

and learning outcomes for students. For example, families may be more academically satisfied 

when schools are able to maintain instruction during the pandemic. Further, like with wealthier 

schools, wealthier families generally have access to greater resources to help their kids transition 

to online teaching: sufficient electronic equipment, tutoring, etc. (Hanna et al., 2020). And while 

some parents have the capacity to help students with their schoolwork as necessary, this is not 

the case for every family. Families with adults who are “essential workers” working outside of 

the home may face particular challenges supporting student learning during this time. Those 

families that are able to make the transition smoother may be more likely to be satisfied with the 

support and resources their kids’ schools are providing, of which they likely need less, and are 

more likely to think their kids are engaging in meaningful learning during the school closure.  

Student disability, grade level, household size, and access to meeting basic needs are 

some of the variables that may influence how many supports and resources students need and 

how conducive their conditions are to learning distraction-free. To start, students with special 

needs—at least some of whom may rely on substantial one-on-one support in schools—are 

reportedly experiencing significant reductions in their access to instruction during school 

closures. For instance, in response to a survey by the news organization, ParentsTogether, 35% 

of families with children in special education reported receiving little to no support or remote 

learning, and only a fifth of students are receiving all of their necessary services (Kamenetz, 

2020). 

Further, students in higher grades are likely more independent and may need less help 

with their schoolwork than their younger counterparts. Students with a larger household size may 

not have their own room to study without distractions, and some students may be affected by the 

stresses of family members being furloughed, laid-off, or even getting sick, which are more 
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likely the more members there are in a household (Dalton et al., 2020; Danese et al., 2020; 

Evans, 2003). On the other hand, larger families may mean there are more people within the 

home who can provide schoolwork support duties, helping to reduce the overall stress of any 

single household members.  

Additionally, when children do not meet their basic needs at home, they may face 

additional challenges in maintaining focus on their education (Lenz & Larmer, 2018). Not only 

does society rely on formal schooling for scholastic, social, and other forms of development, but 

for many students, school is a place to receive support that may not otherwise be consistently 

available. Aside from the technological equipment we mention above and childcare services we 

hint at, this can include free or reduced-price meals, specialized instruction for disabled students, 

laundry services, and more. If school closures mean students are hungrier than they were before, 

or cannot get the one-on-one support they need, they are less likely to be getting what they need 

educationally during the pandemic (Kuhfeld et al., 2020; NAACP, 2020).  

 Finally, students’ physical and mental health may also be impacted by the COVID-19 

pandemic. Of course, during a pandemic, students’ health is at risk due to possible exposure to 

the virus and the related negative health fallout that may ensue. Further, some students have 

reported a drop in their physical movement, which can be limited to activities like walking 

around the house or dancing to music given their confinement at home (The Learning Network, 

2020). The nutritional health of low-income students may also be affected, if the pandemic 

means a change in access to school meals. Students’ mental wellbeing might also be impacted, as 

they face their own stressors and those of their parents (Brooks et al., 2020; Spinelli et al., 2020). 

Notably, much peer-to-peer interaction has also moved online, limiting the amount and ways in 

which students are able to socialize. Such isolation may create adverse mental health effects.  

Like with school responses and learning outcomes, we also expect that health outcomes 

may vary based on social disparities. Along with social class and disability, we pay particular 

attention to possible racialized outcomes, given the related health, socioeconomic, and other 

inequalities that existed prior to the pandemic and continue to the present moment (Bonilla-Silva, 

2020). Racial residential segregation, disinvestment, and undervaluing of Black and Brown 

communities can mean greater exposure to environmental toxins, less access to medical care, and 

lower levels of resources in the schools we require to maintain their operations despite the health 

crisis unfolding around them (Howell & Korver-Glenn, 2018; Rothstein, 2014a; Tisley et al., 
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2017; Williams & Collins, 1995, as cited in Bonilla-Silva, 2020). Along with the 

overrepresentation of people of color in low-paying “essential” jobs, this places racially 

minoritized individuals at a higher risk of exposure to the virus and fewer socioeconomic 

resources within households to respond to the fallout (Bonilla-Silva, 2020). Further, families of 

color tend to have larger families living within the home (Taylor et al., 2011), which—especially 

considering the greater likelihood of needing to go to work among people of color (Bonilla-

Silva, 2020)—can mean more people to bring the virus into the home and possibly less space to 

quarantine a sick family member. In these ways, communities of color are facing greater 

challenges during the pandemic, which highlights the need to examine how our results may align 

with broader racial disparities.  

It is perhaps not challenging to imagine how socioeconomic resources may correspond to 

varying health outcomes among students during COVID-19. We expect that lower levels of 

access to sufficient food for those with limited financial resources are an important mechanism 

for this. Roughly one of six U.S. children may not have consistent access to sufficient food, and 

22 million kids receive free and reduced-price lunch, 12.5 million receive low-cost/free 

breakfast, and four million participate in a summer food program nationally (Feeding America, 

2017). While many schools worked hard to maintain food services during school closures, many 

families may have needed to supplement lost access to this food source or else face a reduction 

in the nutrition kids need to stay physically and mentally healthy (Dunn et al., 2020).  

 In line with the above discussion, to consider the educational experience of K-12 students 

during the COVID-19 pandemic, we focus on three research questions: 

1. What are schools requiring of U.S. based K-12 students during COVID-related schools 

disruptions and what are they providing in terms of support and instruction? Does this 

vary based on individual- (race/ethnicity, gender, disability, grade level, employment 

status) and household-level characteristics (income and education), school type (public, 

private, etc.), and geographic variables (pandemic-related stay-at-home policies, racial 

composition, socioeconomic status, and urbanicity)? 

2. How do parents/guardians of U.S. based K-12 students rate school responses to COVID-

19 disruptions (academic expectations and school resources/support) and do they agree 

that their children have engaged in meaningful learning during the pandemic? How does 

this vary based on academic expectations of students, school resources and support 
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provided for students, changes in child health, individual and household characteristics, 

changes in meeting basic needs from before to during COVID-19, child activities during 

the pandemic, respondents’ satisfaction with schools prior to educational disruptions, 

school type, and geographic characteristics?  

3. Do we see changes in U.S.-based K-12 students’ mental and physical health from before 

COVID-19 to during the pandemic? How does this vary across school responses, 

individual and household factors, changes in meeting basic needs, child activities, school 

type, and geographic characteristics?  

In response to these questions, we found that educational changes during the COVID-19 

pandemic has meant high, but varying, technological requirements to complete schoolwork, 

satisfaction with educational outcomes among a majority of respondents, and relatively little 

negative health fallout for students. Further, even within our relatively homogeneous sample, we 

observed several statistically significant trends that tentatively support the idea that the 

experience of the COVID-19 pandemic is heterogeneous, sometimes in ways that mirror broader 

patterns of social stratification. As one noteworthy example, we find that Black respondents and 

respondents with Black children were more likely than their White counterparts to report worse 

physical health for their children during the pandemic, versus prior to the crisis. This aligns with 

research by Bonilla-Silva (2020), who outlined how widespread colorblind racism within U.S. 

society is yielding racialized disparities in how communities are affected by the pandemic. 

We are still in the early stages of the coronavirus pandemic and have much to learn about 

how this crisis has and may continue to change the lives of K-12 students. Previous research 

suggests that the coronavirus may perpetuate inequalities based on socioeconomic status and 

racialization (Centers for Disease Control and Prevention, 2020). This study provides insight 

about how students were doing during the final months of the 2019-2020 school year, when our 

understanding of COVID-19 was in its early stages and decisionmakers first closed schools and 

instituted stay-at-home orders as a result of the pandemic. Hopefully, this report will help 

document the fallout from the crisis and provide hints about how to better prepare our 

institutions for future pandemics or other crises. It is important to note, however, that we are 

primarily testing bivariate relationships and will not be able to provide evidence for causal 

relationships or mechanisms. 
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Data 

For this research, we rely on three sources of data to answer our questions. We collected the 

primary data through an original survey about U.S. K-12 students’ school experiences during a 

relatively early phase of the COVID-19 pandemic, spring 2020. We designed the survey in 

English and later translated it into Spanish and Simplified Chinese to increase accessibility. We 

used convenience sampling to recruit parents or guardians of K-12 students who attended in-

person school during the 2019-2020 school year and faced a disruption to their school because of 

the COVID-19 pandemic. To do so, we conducted outreach on social media platforms, like 

Twitter and Facebook, and via email to professional contacts at community organizations, 

superintendents, and family, friends, and acquaintances, with requests to complete the survey if 

appropriate and to distribute the survey within their networks. We also sent text messages to 

recruit through personal contacts. 195 individuals completed the survey between the dates of 

May 7th, 2020 and May 31st, 2020.2 Our use of convenience sampling limits the 

representativeness of the survey. In this case, it led to a Whiter and more Asian, less Black and 

Latinx, more highly educated, higher-income sample than the broader U.S. population, and one 

that predominantly lives in western Washington State or, to a much lesser extent, Connecticut or 

California.3 The children are, on average, younger than U.S. students as a whole and the 

households are larger than usual. We discuss this further in the Results section. 

 In the next several paragraphs, we outline the variables we used in our analyses. To start, 

our outcomes for Research Question 1 include three binary variables that are set equal to 1 if the 

focal child’s school: requires the use of a computer to complete schoolwork, hosts virtual 

classrooms or other synchronous video sessions, and communicates at least daily during the 

school week (5+ times per week); these variables are set to 0 if the school does not have these 

characteristics. The dependent variables for Research Questions 2 and 3 are set up in a similar 

binary fashion. For the former, this includes measures for whether the respondent agrees/strongly 

agrees that: they are  satisfied with the school’s academic expectations during the pandemic, they 

are satisfied with the school’s support and resources during the pandemic, and that the focal child 

 
2 The survey was opened another 156 times, which included researcher tests before the survey was distributed 
(identified based on the time stamp), and instances in which a potential respondent 1) opened but did not respond to 
any questions, 2) responded that they are ineligible for the survey, or 3) responded to a small number of questions, 
excluding key questions, and therefore did not submit usable data.  
3 We do not report descriptive statistics or regression coefficients about the county or state in which respondents 
reside, but mention them here in summary nonetheless. We can provide more information on this by request.  
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is engaged with meaningful learning during school closures. For Research Question 3, the two 

binary variables are set to 1 if the respondent reports that child’s physical and mental health 

ratings are worse during the pandemic than prior to COVID-19;4 these indicators are set to 0 if 

the respondent reports the same or better health for their child. While subjective self-assessments 

may not measure health perfectly or consistently across individuals and groups (e.g., Baćak & 

Ólafsdóttir, 2017; Krause & Jay, 1994), we effectively control for the latter by building a 

variable that compares the same individual’s responses about health for two different time 

periods. Overall, we consider our approach to efficiently and non-invasively measure parents’ 

perceptions of how the pandemic corresponds with their child’s health.   

To better understand how educational experiences during the pandemic vary based on 

child characteristics, we asked parents about a single child’s race, gender, disability, and grade 

level. We asked families with more than one child to answer questions for the child with the first 

birthday in the year, regardless of age (for example, if two children are born on February 8, 2009 

and January 9, 2011, the respondent would provide information about the child born in 2011, 

because their birthday comes earlier in the year). We used this approach to minimize the age 

skew that might result by systematically asking for information about the youngest or oldest 

child. For child race/ethnicity, categories include White/European only (1, or the reference 

category), African-American/Black only or African-American/Black Multiracial (2), Native 

American/Alaska Native only or Native Multi-racial (excluding African-American/Black 

Multiracial) (3), Latinx only or Latinx multi-racial (excluding African-American/Black, & 

Native Multiracial) (4), and Asian/Pacific Islander only or Asian Multiracial (including Middle 

Eastern and excluding African-American/Black, Native American, and Latinx Multiracial) (5). 

We coded race variables this way, counting Multiracial individuals with their arguably more 

marginalized racialized groups to account for the social practice of hypodescence in U.S. society 

(Ho et al., 2011).5,6 Of course, while we hope it does a reasonably good job of reflecting 

 
4 The survey asked respondents to rate current physical health for the focal child (a five-point scale from very good 
to very bad) and to retrospectively apply the same rating to the child’s health before the pandemic. 
5 Hypodescence is the social practice of associating Multiracial people with their more/most marginalized group. 
6 While a form of selective hyperdescence is practiced on a governmental level for Native peoples who have to 
prove they are “Indigenous enough” to qualify for any of the limited support extended to people based on 
indigeneity (e.g., Thornton, 1997), we anticipate that hypodescence still occurs in social interactions.  
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racialized social positionings within U.S. society, we should note that it is one of many blunt and 

imperfect measures that rest on flawed assumptions about racialized categories and hierarchies.7  

Child gender was measured in three categories: cisgender female (1, the reference 

category), cisgender male (2), and trans or nonbinary/genderqueer/genderfluid (3). For disability, 

we use a binary variable for whether the child requires accommodations at school (1=yes). 

Finally, child grade level is a quantitative variable that starts with kindergarten (0, the reference 

category) and each additional grade 1-12 corresponds with the same value (1st grade=1, 2nd 

grade=2, etc.). 

 To consider whether outcomes differ based on the respondents’ social status and daily 

presence within the home, we also asked about their own race/ethnicity, gender, and employment 

status. Race/ethnicity and gender were measured the same for respondents as for the focal 

children. We created three categories for employment status: employed at home (1), employed 

outside the home (2), and not working (3). 

To get a sense of resources within the home and whether this corresponds to outcomes, 

we also asked about total household income, education, and household size. For income, we 

asked respondents the total pre-tax amount brought in in 2019. Based on small numbers of 

people with lower incomes, we collapsed the measure to four categories as follows: under 

$60,000 (1),  $60,000-99,999.99 (2), $100,000-149,999.99 (3), and $150,000+ (4). For 

education, we asked respondents about the highest degree earned by each of up to five adults 

within the home. This was collapsed into a three-category variable for the highest degree earned 

by any adult within the home: up to an associate (1), bachelor’s (2), or graduate degree (3). 

Household size represents the total number of people who live within the home.  

Next, we ask about school type to consider whether there may be differences in school 

practices and policies based on whether the school is necessarily publicly run and accountable to 

government regulations. We collapsed this into three categories: traditional public schools in the 

household’s residential zone (1), other public schools (2), and private schools (3). 

 We also consider a number of variables capturing how well the focal child’s basic needs 

are being met during the pandemic and the activities they are participating in. There are two 

binary variables for whether the child has been sleeping less during COVID-19 than they did 

 
7 You can see, for example, Nakano-Glenn’s (2015) work which discusses the use and limits of conceptualizing 
racialization in the U.S in various ways., including as a spectrum with Black and White at opposite poles. 
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previously, and whether the pandemic has negatively impacted the respondent’s ability to feed 

their family. This latter variable is coded as 1 if the pandemic has reportedly not had a negative 

effect, or, in other words, if the respondent’s ability to feed their family is unscathed by the 

crisis. Next we have three variables that measure how many hours per week the focal child is 

spending on a) schoolwork overall, b) technological equipment for schoolwork, and c) 

technological equipment for purposes other than schoolwork. These are each coded in five 

categories: up to 3 hours (1), 4-5 hours (2), 6-9 hours (3), 10-19 hours (4), and 20 or more hours 

(5). There is also a binary variable for whether the respondent is spending more time helping the 

focal child with schoolwork during the pandemic than they did previously.  

 We further measure the focal child’s activities by considering whether the child 

communicates with their peers at least five times per week (1=yes), the number of types of 

activities the child engages in (scholastic activities like reading, home activities like cooking and 

gardening, creative endeavors like making art or playing/studying music, etc.), and whether the 

child engages in physical activity either within the home or outside. 

 To assess whether respondents’ satisfaction with schools a) academic expectations and b) 

supports and resources are strongly predicted by satisfaction with those schools prior to the 

pandemic, we include binary measures for whether the parent or guardian agreed or strongly 

agreed that they were satisfied with the schools from these perspectives before school closures.  

In order to examine the context in which the schools are located, we incorporate a survey 

question about whether there is a current stay-at-home order in place at the time of taking the 

survey (1=yes), and attach data from the U.S. Census and the CDC. With respect to Census data, 

we use 2014-2018 5-year American Community Survey files for the Zip Code Tabulation Area 

—in our case, this means the zip codes in which the focal child’s school is located—to examine 

the proportion of the local population that is White, the median income of households (2019b), 

and the proportion of residents over 25 years old who have completed a bachelor’s degree 

(2019a). We also use 2013 data from the CDC National Center for Health Statistics (2013) to 

incorporate a six-category measure of how urban/rural the school community is: large central 

counties within metropolitan areas with at least 1 million residents (1=Large Central Metro, the 

reference category), large “fringe” counties within metro regions with at least 1 million residents 

(2=Large Fringe Metro), counties in metro areas with a population of 250,000-999,999 

(3=Medium Metro), counties in metro areas with 50,000-249,999 people (4=Small Metro), 
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counties in  micropolitan areas with 10,000-49,999 people (5=Micropolitan), and more rural 

counties outside of metropolitan or micropolitan areas (6=Noncore).8 

 

Methods 

To complete our analysis, we incorporated a series of bivariate logistic regression models and 

drew our dependent variables from the survey we created and distributed. To provide a 

descriptive picture of our sample, we present means, standard deviations, and sample sizes for all 

variables in our models. These numbers provide a general sense of all variables’ averages and 

levels of variation, and allow us to assess the representativeness of our overall sample.  

 To answer our research questions, we used multiple sets of bivariate models. For 

Research Question 1, we tested variation in school responses to the pandemic with independent 

variables that report characteristics of the child, parent, household, school, and the zip code or 

county in which the school is located. For Research Questions 2 and 3, we predicted educational 

outcomes and changes to physical and mental health using all of the same independent variables 

as for Research Question 1, plus indicators for whether the child’s basic needs are being met to a 

different extent during the pandemic, and the type and amount of time spent on various activities. 

We limited our analyses to bivariate relationships. In order to maximize our statistical power for 

testing bivariate relationships, and due to different levels of missing data across variables, we did 

not delete any observations due to missingness. Instead, we allowed for different sample sizes 

across variables and report the number of valid observations for each variable with our 

descriptive statistics.  

 

Results 

Descriptive Statistics 

Table 19 presents means, standard deviations, and counts for all variables included in our models, 

including outcomes for our research questions: school responses, respondent assessments of 

educational outcomes for the focal child, and changes in the focal child’s health since the   

 
8 The urban/rural data is at the county level. To map that onto the zip-code level data we have here, we used the zip 
code and county identifiers from the University of Michigan Population Studies Center Institute for Social Research 
as a cross-walk. 
9 For brevity, we sometimes shorten “COVID-19” to “COVID” in the tables in this report.  



Table 1: Descriptive Statistics for Dependent Variables and Child, Re-
spondent, Household, School, and Geographic Predictors

(1) (2) (3)
Mean (Std. Dev.) Count

School Responses
Computer Required for Schoolwork* 0.55 (0.50) 183
Virtual Classroom or Meeting Sessions* 0.87 (0.34) 192
School Communicates 5+ Times Per Week* 0.31 (0.46) 192

Educational Outcomes
Satisfied with Academic Expectations During COVID* 0.55 (0.50) 194
Satisfied with School Support and Resources During COVID* 0.66 (0.47) 194
Child Engaged Meaningful Learning* 0.61 (0.49) 194

Changes in Child Health
Physical Health Worse During COVID* 0.31 (0.47) 191
Mental Health Worse During COVID* 0.08 (0.28) 191

Child Characteristics
Race/ Ethnicity
White/ European Only* 0.71 (0.45) 187
African-American/Black Only/Multiracial* 0.08 (0.27) 187
Native Only/Multiracial* 0.03 (0.18) 187
Latino/a/x Only/Multiracial* 0.06 (0.24) 187
Asian/Pac. Islr/ Middle Eastern Only/Multiracial* 0.12 (0.32) 187

Gender
Cis Female* 0.52 (0.50) 192
Cis Male* 0.48 (0.50) 192
Trans, Nonbinary, Genderqueer/ Genderfluid* 0.01 (0.07) 192

Requires Accommodations in School* 0.19 (0.40) 192
Grade Level 4.71 (3.46) 194

Respondent Characteristics
Race/ Ethnicity
White/ European Only* 0.77 (0.42) 187
African-American/Black Only/Multiracial* 0.03 (0.18) 187
Native Only/Multiracial* 0.02 (0.13) 187
Latino/a/x Only/Multiracial* 0.06 (0.25) 187
Asian/Pac. Islr/ Middle Eastern Only/Multiracial* 0.12 (0.32) 187

Gender
Cis Female* 0.89 (0.32) 192
Cis Male* 0.11 (0.31) 192
Trans, Nonbinary, Genderqueer/ Genderfluid* 0.01 (0.07) 192

Employment Status
Works At Home* 0.63 (0.48) 194
Works Away From Home* 0.15 (0.36) 194
Not Working* 0.22 (0.42) 194

Household Characteristics
2019 Pre-Tax Income USD
<60k* 0.16 (0.37) 178
60k-99,999.99* 0.18 (0.39) 178
100k-149,999.99* 0.29 (0.46) 178
150k+* 0.37 (0.48) 178

Highest Degree
Up to Associates* 0.18 (0.38) 192
Bachelor’s* 0.23 (0.42) 192
Graduate* 0.59 (0.49) 192
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Total People 3.92 (1.10) 195

Child Basic Needs and Activities During COVID-19
Child Sleeps Less During COVID* 0.18 (0.38) 193
COVID Has Not Negatively Impacted Feeding Family* 0.90 (0.30) 194

Number of Hours of Schoolwork Each Week During COVID
0-3* 0.20 (0.40) 194
4-5* 0.18 (0.39) 194
6-9* 0.21 (0.41) 194
6-9* 0.21 (0.41) 194
20+* 0.15 (0.36) 194

Respondent Helps More Hours/Week with Schoolwork During COVID* 0.69 (0.46) 192

Number of Hours Using Tech for Schoolwork Each Week During COVID
0-3* 0.20 (0.40) 175
4-5* 0.18 (0.39) 175
6-9* 0.20 (0.40) 175
6-9* 0.20 (0.40) 175
20+* 0.16 (0.37) 175

Number of Hours Using Tech NOT for Schoolwork Each Week During COVID
0-3* 0.18 (0.39) 193
4-5* 0.17 (0.37) 193
6-9* 0.18 (0.39) 193
6-9* 0.18 (0.39) 193
20+* 0.24 (0.43) 193

Communicates with Peers 5+ Times Per Week* 0.29 (0.46) 193
Number of Home Activities 5.65 (1.88) 192
Engages in Physical Activity* 0.93 (0.25) 192

Respondent Satisfaction with School Pre-COVID
Satisfied with Academic Expectations Pre-COVID* 0.87 (0.34) 194
Satisfied with School Support and Resources Pre-COVID* 0.93 (0.26) 194

School Type
Traditional Public in Residential Zone* 0.75 (0.43) 190
Other Public* 0.17 (0.38) 190
Private* 0.07 (0.26) 190

Local Policy
Active Stay at Home Order* 0.86 (0.35) 194

School Zip Code Characteristics
Proportion Population White Only 0.67 (0.20) 191
Median Income in 1000s USD 78.17 (29.92) 191
Proportion 25+ Aged Population w/ Bachelor’s+ 0.43 (0.21) 191

School County Urban/Rural Level
Large Central Metro* 0.46 (0.50) 185
Large Fringe Metro* 0.22 (0.42) 185
Medium Metro* 0.12 (0.33) 185
Small Metro* 0.11 (0.32) 185
Micropolitan* 0.04 (0.20) 185
Noncore* 0.03 (0.18) 185

*NOTE: For this row, the mean represents the proportion of respondents who reported this characteristic.
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pandemic started, as well as independent variables describing the focal child, respondent, 

household, school, and geographic context. The data represent a total of 195 individuals from 26 

U.S. states, although more than half live in Washington (and 90% of these are in three counties 

on the western side of the Cascades), and another seventh live in Connecticut (9%) or California 

(5%) combined.10 These descriptive values help us understand baseline information about our 

sample—school responses to COVID-19 and life at home during the pandemic, socio-

demographic characteristics about the household, etc.—and to tease out ways they may or may 

not be similar to the broader population of K-12 parents in the U.S. Based on the geographic 

clustering of respondents, which we describe just above, we can start to see ways that our sample 

is not representative of the national population on which our research focuses. 

Starting with the outcomes for Research Question 1, just over half of the survey 

respondents reported that their child needed a computer to complete required school work during 

the pandemic. Nearly nine of ten respondents reported that their focal child’s school incorporated 

video lessons into their instruction. Just under a third of respondents reported that the school 

communicated with them daily or more frequently.  

We next describe the outcomes for our second research question. Between roughly one-

half and two-thirds of respondents reported satisfaction with educational circumstances during 

the pandemic, with 55% reporting satisfaction with the focal school’s academic expectations and 

66% expressing satisfaction with the school’s support and resources. Skipping ahead, it is 

noteworthy though perhaps unsurprising that retrospective reports from respondents reveal that 

there is a substantial dip in school satisfaction from before the pandemic to the time of the 

survey: the proportions of parents who were satisfied with these school characteristics were 

closer to nine out of every ten respondents pre-pandemic. Finally, returning to our third outcome 

variable for this research question, three of every five participants agreed or strongly agreed that 

their focal child is engaged with meaningful learning during COVID-19. 

Information about the focal child’s physical and mental health provides insight into our 

third research question. Overall, few respondents reported that their child’s health was worse 

now than how they would retrospectively rate their child’s health from before the pandemic. 

Specifically, just under one-third indicated worse physical health for their child, and not quite 

 
10 We do not report information about the counts of respondents by county or state. We can, however, provide more 
information on this by request.  
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one of twelve reported that their child’s mental health had worsened. Overall, it appears that 

relatively few focal children’s health worsened with the advent of the pandemic. 

In addition to bias in the geographic representation of respondents (over half are in 

Washington State alone), we also find that the racial composition of our sample is Whiter and 

more Asian and less Black and Latinx than the U.S. population overall. The overrepresentation 

of Whiteness and underrepresentation of Blackness in our sample is even greater for respondents, 

but otherwise the racial composition of the focal children and respondents match closely. 

Comparing Table 1 statistics to estimates of the broader U.S. population overall helps illustrate a 

conservative assessment of the lack of representativeness within our sample.11 First, 71% of 

children and 77% of the respondents are reportedly White/European only, but this is the case for 

only about 60% of the U.S. population overall (United States Census Bureau, 2019d). Second, 

just 8% and 3% of respondents respectively reported that their children and they themselves are 

African American, Black or African-American/Black Multiracial—the Black alone statistic is 

just 2% for both children and respondents—but about 13% of the overall U.S. population is 

Black alone (U.S. Census, 2019d). Further, only 6% of the survey sample is Latinx 

alone/Multiracial, though this group comprises roughly 18.5% of the national population (U.S. 

Census, 2019d).12 The representation of Asian alone/Multiracial children and respondents in our 

sample is 12% while about 6% of the greater U.S. population is Asian alone (U.S. Census, 

2019d).13 The Native representation in our sample is all Native Multiracial and therefore not 

comparable to the Census data for American Indian or Native Hawaiian alone.  

 The gender composition of the children in our sample roughly reflects the broader U.S. 

population for K-12 students, but cis women comprised the overwhelming majority of 

respondents (89%) and are therefore overrepresented in our survey (e.g., Blad, 2017; U.S. 

Census, 2019d; Wong, 2015). High levels of participation in this child-focused survey may 

 
11 If we compare the sample of children to the K-12 public school population instead of the overall sample, the 
overrepresentation of White students and underrepresentation of Black and Latinx students is even starker. For this 
population, just 48% are White alone, 27% are Black alone, and 15% are Hispanic (National Center for Education 
Statistics, n.d.b). Our sample includes private school students as well, so our sample is not quite comparable to these 
data either.  
12 Census counts include people who we categorize differently in our sample (those who identify with Latinx and 
either Black or Native), but this amounts to a single child in our sample and this does not change the proportion we 
report for Latinx representation (6%).  
13 Our sample of Asian alone/Multiracial individuals includes four children and one adult who identify as Asian and 
White, though the Census would count them as Multiracial. Our Asian alone sample represents 10% of children and 
11% of adults.  
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reflect the disproportionate amount of parenting duties women take on, both in partnerships and 

as single parents (e.g., Schieman et al., 2018; U.S. Census, 2019a). Focal children with 

disabilities that require accommodations are overrepresented in our sample at 19% of children, 

while roughly 13% of students had disabilities in 2015-2016 (Bustamante, 2019). Finally, our 

average student age skewed younger than the U.S. population. The average grade for focal 

children was 4.71 and just 17% were in grades 9-12. However, this group makes up about 30% 

of the U.S. K-12 population (Bustamante, 2019).  

 We also observe a greater share of workers staying at home and lower levels of essential 

out-of-home work and unemployment than the broader U.S. population. Estimates from May 

2019, the height of our survey response period, suggest that, of the roughly 142 million workers 

in the U.S., about 61% are working from home and 39% are essential workers (McNichols & 

Poydock, 2020). Further, an article from June 9 reports that the national unemployment rate was 

somewhere between 13.3 and 20% (Pickert et al., 2020). However, we see a different picture in 

our data. Of the total respondents, about 63% are working at home, 15% are working outside of 

the home, and 22% are not employed. Given that 78% of the sample is working, we calculate 

that about 81% of workers are working at home (63/78), and just 19% is an essential worker 

(15/78). Further, of the 22% not employed, only about half are in the labor force, while the other 

half is not looking for work, so a figure more comparable to an official “unemployment rate” is 

closer to 11%.  

Next, we found that relatively high 2019 pre-tax household incomes were substantially 

overrepresented in the data, with 37% of respondents reporting household incomes of at least 

$150,000, another 29% with household incomes between $100,000-149,999.99, and just 34% 

with incomes below $100,000 per year, including only 16% of the total sample reporting 

incomes up to $60,000. Given that the national median income for families with children was 

roughly $74,167 in 2018, and the median response for our sample is $100,000-149,999.99, we 

see that our income distribution is much higher than in the U.S. overall (U.S. Census, 2019b). 

Next, we see an overrepresentation of graduate degrees among the households in this 

sample. A substantial majority (59%) reported that a graduate degree is the highest degree 

among adults in the home. However, as of 2018, just 13.1% of individuals over 25 years old had 

a graduate degree across the U.S. (U.S. Census, 2019c). Roughly 23% of households suggested 
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that a bachelor’s is the highest degree within the home and, for a combined 18% of households, 

the highest degree among the adults is an associate, some college, or a high school diploma.  

To finish reviewing the household characteristics, we see an average household size of 

3.92 in our sample. This is somewhat higher than the United States average household size of 

2.52 and the value for households with multiple family members, 3.21 (U.S. Census, 2019a).  

Few of the respondents reported that their focal child is losing sleep or that the pandemic 

has negatively impacted their ability to feed their families. This is perhaps unsurprising given the 

high level of employed-at-home respondents and 2019 incomes in our sample. Due to proximity, 

parents spending substantial amounts of time at home may be especially able to identify and 

respond to any new stressors children are facing during the pandemic, and being able to continue 

working while having earned high incomes in the recent past suggests that these families are 

likely doing okay financially.  

Parents report that their children were spending less time on schoolwork each week than 

prior to the pandemic: the median response is that the focal child is spending about 6-9 hours per 

week on schoolwork (including in-class meetings and independent work or homework). 

However, the typical school week lasts more than 30 hours and many students, especially those 

in higher grades, often spend at least another three hours each week on homework (National 

Center for Education Statistics, 2008). This represents a substantial reduction in the amount of 

time students spend learning on a weekly basis. At the same time, nearly seven of every ten 

respondents are spending more time supporting their focal child’s schoolwork during the 

pandemic. This makes sense, given that teachers are not physically present during distance 

learning, and parents/guardians would therefore need to take on any duties related to helping 

students access technological equipment, provide one-on-one help during independent work, etc. 

The median focal child also spent about 6-9 hours using technological tools like computers, 

tablets, phones, etc. for schoolwork and another 6-9 hours using such tools for activities 

unrelated to school.   

About three out of ten focal children maintain the equivalent of at least daily 

communication with peers per school week. The average child in our sample was engaged in a 

fair number of types of activities: about 5.65. More than nine out of ten focal children are 

reportedly engaged in physical activities during pandemic-related school closures.  
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The distribution of students across school types is fairly close to the national average. In 

our sample, 75% attend their assigned neighborhood school, 17% attend other types of public 

schools, including magnets and charters, and 7% are enrolled in private schools. On a national 

level, about 71% of 1-12 graders attend their neighborhood schools, 9% are in private schools,  

and the rest attend other types of public schools and are homeschooled (National Center for 

Education Statistics, n.d.a).  

 Nearly nine of ten respondents live in an area with a stay-at-home order in place at the 

time of the survey. The schools their focal children attend are in zip codes that, on average, are 

somewhat Whiter—roughly 67% versus about 60% nationally—and more educated—43% of 

residents over 25 in the school zip codes have at least a bachelor’s degree, and this value is about 

34% nationally—than the U.S. overall (U.S. Census, 2017; U.S. Census, 2019d); the median 

income of the school zip codes, however, is similar to the median income of the overall U.S. 

population (U.S. Census, 2017; U.S. Census, 2019d). Nearly half of the focal children (46%) 

attend school in a large central metropolitan county; this is about 50% higher than the national 

2013 U.S. population average of 30.5%; similarly, the percentage of respondents in more rural, 

non-metropolitan areas (7%) is about half the percentage of U.S. residents overall (15%)  

(National Center for Health Statistics, 2014).  

 

Regression Analysis 

In this section, we discuss the results from the bivariate regression analysis we conducted. Few 

of the independent variables statistically significantly predict our outcome variables; we present 

these in the below figures. For reasons of brevity, we only discuss the statistically significant 

relationships in this section. We do, however, include an exhaustive list of regression coefficients 

and standard errors in the appendix tables. Throughout, we provide possible explanations for the 

findings based on related theory and existing statistical evidence. We emphasize that this is 

speculative and not an exhaustive list of possible explanations; with rare exception, we offer no 

evidence for these hypotheses.  
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Figures 1-8 (Appendix Table 1) provide insight into our first research question about 

variation in school policies and programs during COVID-19. Column 1 of Appendix Table 1 

shows that only three of our 

independent variables statistically 

significantly predicted whether a 

computer is required for schoolwork: 

the race/ethnicity and grade level of 

the focal child, and how urban the 

school zip code is. With respect to 

the first, we see that for Asian, 

Pacific Islander, Middle Eastern and 

Asian Multiracial students, there is a 

statistically significantly lower 

likelihood of a computer being 

required than there is for White students. Figure 1 suggests that the probabilities of a student 

needing a computer is about 0.60 for White only students and about 0.29 for Asian students. 

However, no other groups are statistically significantly different in  their outcomes from White 

people, and the substantially overlapping confidence bars in Figure 1 show that these groups are 

not significantly different from 

Asian students either.  

Figure 2 shows that the 

higher the grade level,  the higher the 

likelihood the focal child needs a 

computer to complete their 

schoolwork. This makes sense given 

that older students are more often 

assigned essays than students in 

earlier grades and using a Word 

processor may be more challenging 

on a tablet or phone than completing other tasks.  
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Finally, Figure 3 shows that the likelihood that a computer is required for school is 

higher in large metropolitan suburbs (large fringe metros) than central counties. One possible 

explanation for this is the 

historically higher concentration of 

socioeconomic disadvantage in 

central cities relative to suburbs, 

which have a legacy of being more 

accessible to White people and have 

been destinations for those 

participating in “White flight” away 

from neighbors of color (Pais et al., 

2009; Zhang, 2011). This may 

correspond to schools freely 

assigning more rigorous 

assignments, like the aforementioned essays, while those in areas with more disadvantage may 

be less likely to require students do work on computers given that they may be unable to ensure 

that all of their students have access to the necessary equipment. While it appears micropolitan 

areas also have higher likelihoods than large central counties, this is not statistically significant.  

Column 2 of Appendix Table 

1 suggests that whether the focal 

child’s teacher uses synchronous 

video meetings as an instructional 

tool only statistically significantly 

depends on three characteristics of 

the geographic area in which the 

school is located: the proportion of 

the zip code population that is 

White, the proportion of people in 

this zip code over the age of 25 who 

have at least a bachelor’s degree, and the urbanicity of the school county. Figure 4 suggests that, 

while the probability of synchronous learning is fairly high regardless of the racial composition 
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in the local zip code, the probability declines as the proportion of residents who are White 

increases. This may be due to higher levels of White people in rural spaces (Parker et al., 2018), 

and the lower likelihood of widespread infrastructure to support video conferencing in these 

areas. In tentative support of this 

hypothesis, additional analyses that 

control for urbanicity (not 

presented) reduce the size of the 

effect of the percent White variable 

and render it statistically non-

significant.  

Jumping ahead to Figure 6, 

we do indeed see that those in 

medium metros and smaller are less 

likely to provide video instruction 

than large central counties, and Appendix Table 2 confirms these differences are statistically 

significant. Figure 5 shows that zip codes with higher proportions of people with bachelor’s 

degrees are more likely to use video instruction. Since parent education is an important predictor 

of educational conditions during 

childhood, this makes sense (Davis-

Kean, 2005).  

Figures 7-9 (Column 3 of 

Appendix Table 1) indicate that 

high levels of school 

communication vary based on 

respondent race/ethnicity, 

household income, and school 

urbanicity. Figure 7 shows that 

Asian respondents were more likely 

to report the school was in touch at least five times a week, relative to White respondents. One 

possible explanation for this is that teachers will sometimes adjust how communicative they are 

based on their expectations of parental involvement in their students’ school work. While some 
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research has shown this to benefit 

White parents (e.g., Lewis & 

Diamond, 2015), given the “model 

minority” stereotype that Asian 

students may have (Yu, 2006), it is 

plausible that this treatment would 

extend to Asian students in a similar 

racialized way. For Black and 

Native respondents, there was no 

variation in high levels of 

communication (no respondents 

indicated 5+ instances of school 

outreach per week), so we could not 

run analyses for these groups. For 

Latinx respondents, there was only 

one respondent with high levels of 

school communication, and we have 

no evidence of a statistically 

significantly different outcome 

relative to White respondents.  

Figure 8 shows that one 

group, respondents with pre-tax 

2019 household incomes in the 

$100,000-149,999.99 range have 

significantly higher likelihoods of 

schools being in frequent 

communication than the reference 

category, with incomes below 

$60,000 per year. Other groups are 

not statistically significantly 
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different from the reference category.  

Finally, Figure 9 illustrates that respondents with focal children in micropolitan area-

schools have significantly higher 

likelihoods of frequent school 

communication than do those in 

large central metros (the reference 

category).  

Next, Figures 10-28 and 

Appendix Table 2 provide results 

for our second research questions 

about how respondents assess their 

focal child’s school’s academic 

expectations (Column 1) and 

support and resources (Column 2), and whether the child is engaged in meaningful learning 

during school closures (Column 3). 

Figures 10-13 show that school practices, whether the focal child’s basic needs are being 

met, student time spent on school work, and pre-pandemic satisfaction with academic 

expectations significantly predict whether the respondent is satisfied with academic expectations 

during school closures. First, 

Figure 10 shows that roughly 

double the proportion of 

respondents whose focal child 

meets their teachers and classmates 

by video, relative to those whose 

child does not, are satisfied. This 

makes sense, given that teachers 

can arguably get closer to 

replicating pre-pandemic 

instruction through video meetings 

than simply in writing. Figure 11 shows a similar doubling of the probability of being satisfied if 

the respondent has not had trouble feeding their family due to the pandemic. Since academic 
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expectations are arguably not 

directly connected to whether a 

parent can feed their child, we 

anticipate this is a spurious 

relationship that perhaps reflects 

the higher likelihood that a family 

struggling financially would also 

attend a school that is struggling 

financially and such schools may 

be less equipped to set 

“satisfactory” academic 

expectations during the crisis while 

also addressing possible resource-

access issues among the student 

body. Figure 12 shows that there 

are varying probabilities of being 

satisfied based on how much time 

students spend on school work each 

week, though only the group whose 

child is working 10-19 hours per 

week is statistically significantly 

different from the reference 

category of 0-3 hours per week. 

While it is unclear why only the 10-

19 hours-per-week groups is 

statistically significantly different 

from the reference category, we 

imagine that spending more time 

during the week on schoolwork 

reflects more rigorous academic 

expectations, and may mean that 
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students are losing fewer learning 

hours each week.  Finally, Figure 

13 shows that there is substantial 

continuity in terms of satisfaction 

with academic expectations from 

before the pandemic to during the 

crisis. Roughly six times as many 

respondents who were satisfied pre-

pandemic were satisfied during 

school closures.  

Next, Figures 14-20 

(Column 2 of Appendix Table 2) 

provide insight about whether the 

respondent is satisfied with the 

support and resources schools are 

providing during the pandemic. To 

start, Figure 14 illustrates that 

those whose child was participating 

in synchronous video learning were 

much more likely than those 

without video instruction to be 

satisfied with the support and 

resources schools are providing. 

Similarly, those experiencing 

frequent communication from the 

school (Figure 15) were much 

more satisfied than those hearing 

from schools less than daily during 

the school week. Both the use of 

video instruction and frequent 

communication arguably constitute 
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a form of support and resources, so 

it makes sense that the presence of 

these practices would correspond 

to greater related satisfaction. 

Figure 16 shows that the larger the 

household size, the more satisfied 

the respondent is. All else being 

equal, this could reflect that 

respondents in larger households 

have more support and resources 

within their households and thus 

need less support from their child’s school. Figure 17 demonstrates that if the focal child is 

spending the median 6-9 hours per 

week on school work, the 

respondent is statistically 

significantly more likely satisfied 

with the school’s support and 

resources than respondents whose 

child is spending 0-3 hours per 

week on homework. While we do 

not have strong theoretical 

expectations about why this might 

be the case, the results suggest 

that parents may be more satisfied with school support if they assign a moderate amount of 

schoolwork per week. 
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Next, we see that 

respondents who were satisfied 

with the school’s support and 

resources pre-pandemic are again 

about six times more likely to be 

satisfied during school closures 

(Figure 18). This is unsurprising 

based on the plausibly higher 

likelihood that a school that 

provides “satisfactory” support and 

resources pre-pandemic will be 

more likely to provide satisfactory 

support during the pandemic. 

Additionally, the satisfaction pre-

pandemic may correspond to an 

allegiance to the school that makes 

respondents more accepting of 

schools during the COVID-19 

crisis.  

Finally, we consider the 

geographic context in which the 

focal child’s school is located. 

Respondents with kids in schools in 

Whiter zip codes are more satisfied 

with supports and resources 

(Figure 19). Further, those in 

medium metro areas are 

statistically significantly more 

likely to be satisfied than those in 

the reference category of large 

central metro counties (Figure 20).  
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Like with Figure 3, both of 

these findings could reflect the 

historical legacy of greater 

resources in Whiter locations than 

areas that have more Black, Native, 

Latinx, and many other peoples of 

color, as well as the greater 

resources suburban school districts 

have over those in the central city 

(Darling-Hammond, 1998; 

Rothstein, 2014b).  

Figures 21-29 present 

statistically significant results from 

Column 3 of Appendix Table 2, or 

those factors that correspond with 

the likelihood that a respondent 

agrees that their child is 

participating in meaningful learning 

during the pandemic. Again, the 

presence of video instruction 

associates with a much higher 

likelihood that the respondent 

thinks their child is learning 

meaningfully (Figure 21), which 

makes sense since this is arguably a 

more engaging way to learn than 

mere independent study. Those 

who reported that their focal child’s 

physical health is worse during the 

pandemic are less likely to report 

their child is engaged in meaningful 
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learning than parents/guardians of 

kids without worse physical health 

(Figure 22). This is perhaps 

unsurprising since struggling with 

physical health may impede 

students’ ability to focus on 

learning. Parents/guardians of cis 

girls are much more likely to agree 

about meaningful learning than 

those responding about cis boys  

(parents of trans and 

nonbinary/genderqueer/genderfluid 

kids are too small a category to run 

analyses here) (Figure 23). This 

may reflect reports that girls are 

more likely to follow instructions 

in school, so they may be doing 

more of the assigned work without 

additional encouragement (e.g., 

Morris, 2008).  

Next, we see that 

respondents are more likely to 

agree that their focal child is 

engaged in meaningful learning if 

the child has not lost any sleep 

during the pandemic (Figure 24), 

which may be due to the 

connection between sufficient 

sleep and focus (Dewald et al., 

2010; Michael et al., 2015). Next, 

the respondent may respond more 
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positively about their child’s 

learning if they are spending 20 or 

more hours per week on school 

work, relative to 0-3 hours (Figure 

25), which is unsurprising since it 

indicates the child is spending a 

substantial amount of time 

studying. Further, the parent is 

more likely to think their child is 

engaged in meaningful learning the 

greater the variety of activities they 

are participating in, and therefore 

learning from (Figure 26). There is 

again continuity in pre-pandemic 

satisfaction with schools’ 

expectations and resources on one 

hand and assessments of whether 

the child is engaged in meaningful 

learning now (Figures 27 and 28). 

Finally, parents are more likely to 

expect their child is engaged in 

meaningful learning if their child’s 

school is located in a zip code with 

higher levels of residents with at 

least a bachelor’s degree (Figure 

29). This may correspond to the 

generally higher levels of cultural 

capital (e.g., Bourdieu, 1986)—or 

relevant knowledge that they learn 

through their social “training” in, in 

this case, educational institutions—
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that parents and guardians with more education possess to ensure local schools provide learning 

opportunities that they find meaningful.  

Finally, Figures 30-34 and Appendix Table 3 provide the results for our third research 

question, which asks about the characteristics that predict worse physical and mental health for 

focal children. Figures 30 and 32 

show us that parents/guardians of 

African-American/Black and Black 

Multiracial students, and African 

American/Black parents 

themselves, were more likely than 

their White only counterparts to 

report worse physical health ratings 

during the pandemic than they did 

prior to school closures. This 

reflects long-standing racialized 

health disparities within U.S. society and correspond with Bonilla-Silva’s (2020) work outlining 

ways that Black communities are being hit particularly hard by the pandemic. Parents of Native 

children did not have any variability to leverage for these analyses (none reported worse health 

for their children) and parents of Latinx and Asian children rarely reported worse physical 

health; we do not see any statistically significant differences for these groups relative to parents 

of White kids.  

Next, the higher the grade level, the greater the likelihood that the parent reported worse 

physical health for their child (Figure 31). We do not have strong reasons to suspect a particular 

explanation for this finding, though it could relate to more elevated levels of stress given 

performance in higher grades having a greater influence on educational and professional 

outcomes like college admissions. Alternatively, to the extent that the worse physical health may 

relate to the focal child contracting COVID-19, this finding could reflect that younger children 

may be more protected against the virus than children over 10 years old (Stringhini, et al., 2020).  
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 Figure 33 shows that respondent are more likely to report worse mental health for their 

focal child during the pandemic if 

the respondent works away from 

home rather than at home. This 

may be due to a child’s fear that the 

parent will contract the virus during 

their time outside of the home, 

because the child is not getting the 

parental support that they need, or 

because they are absorbing the 

stress the parent might be facing 

(Spinelli et al., 2020), for similar 

reasons as the child, or perhaps 

because they still need to work 

despite losing the free childcare the 

schools offer.  

Lastly, Figure 34 

demonstrates that parents report 

worse mental health for their focal 

child if they attend a private school 

rather than a traditional 

neighborhood public school. This 

may be due to differences in school policies based on school type, though we do not have strong 

theoretical reasons to suspect a particular policy may be at play here.  

 

Conclusion 

As the COVID-19 pandemic spread throughout the world and to the U.S., many students 

transitioned to remote-learning. Given the early stage of the pandemic, we know relatively little 

about students’ educational experiences during this time. In this research, we have analyzed 

schools' responses to the pandemic, parents' satisfaction with school responses, and whether 
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students' health has been affected by the change, as well as how these outcomes vary based on 

child, parent, household, school, and geographic factors. 

We used input from 195 survey respondents and data from the U.S. Census and the CDC 

to build and analyze bivariate models. It is important to note that our convenience sample is non-

representative in a variety of ways. First, the sample is Whiter and more Asian, and less Black 

and Latinx than the U.S. population. It is also more educated, better paid, lives in households 

with more people, and comprises more individuals who were working at home at the time they 

completed the survey. The focal children were younger than American students as a whole. 

There was also a substantial gender skew among respondents, who were overwhelmingly cis 

women. The schools were typically located in areas that are Whiter, more educated, and more 

urban than the national average. As such, while we set out to document any ways that historically 

marginalized communities are facing educational inequities during the pandemic, we did not 

collect a diverse enough sample to adequately answer related questions.  

Aside from our non-representative sample, our research design limits our ability to make 

strong claims about our findings. Hopefully, future related studies will not only collect a more 

racially/ethnically and socioeconomically diverse sample, but will also incorporate a longitudinal 

structure, rather than relying as we did on retrospective reports that arguably yield less reliable 

data (e.g., Schmier & Halpern, 2014). Further, incorporating a comprehensive set of control 

variables will be important moving forward, since this helps isolate key relationships and 

therefore get closer to understanding causality. 

Most of the bivariate relationships we tested were non-significant and when we have 3+ 

category variables, we rarely see that all categories correspond to significantly different 

outcomes than the reference category. At the same time, our analyses did yield a number of 

statistically significant results that help provide tentative clues about the educational experiences 

of students during the COVID-19 pandemic.  

First, within our sample, most focal schools continued teaching students. Only about half 

are assigning work that requires using a computer specifically—and this varies between White 

and Asian students and based on student grade level and how urban the school county is—but the 

overwhelming majority are using synchronous video sessions. The use of video instruction is 

only significantly predicted by characteristics of the school zip code (the proportions of the 

population that is White and has a bachelor’s degree) and county (urbanicity), which aligns with 
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the reality that school practices depend on local resources and infrastructure. On the other hand, 

less than a third of schools communicated daily with families, which suggests that most students 

had less frequent contact with instructors. (We also know that total amount of time students spent 

studying as often substantially lower than the average amount of time schools are typically open 

each week, so the duration of time spent with instructors is lower as well.) Respondent race 

(comparing Asian and White individuals), household income, and the urbanicity of the school 

county significantly predicted daily communication from schools. 

Most respondents reported being satisfied with educational outcomes during the 

pandemic. Parents were substantially more satisfied with schools’ academic expectations and 

support/resources before COVID-19, but this makes sense given the enormous shift schools 

undertook to respond to the unfolding health crisis in real time. Still, most parents reported that 

they were satisfied with the academic expectations and support and resources of schools during 

COVID-19. A majority of respondents also agreed that their focal child has engaged with 

meaningful learning during the pandemic. Whether the school uses video instruction is a 

consistent predictor of these outcomes, as are pre-pandemic levels of satisfaction. Weekly hours 

of schoolwork during COVID-19 is another positive predictor of respondents' attitudes, though 

not all categories are statistically significantly different from the reference category of 0-3 hours 

and the amount of time that significantly varies from the reference category is different for each 

of the three dependent variables. A smattering of other variables also predict the outcomes. For 

academic expectations, this includes whether the pandemic has negatively impacted the 

respondent’s ability to feed their family, which may reflect an indirect relationship between the 

two variables, as we discuss in the Results section. For support and resources, significant 

predictors include household size, the proportion of the school zip code that is White and the 

urbanicity of the school county. Meaningful learning is significantly predicted by student gender, 

whether the child has lost sleep or has worse physical health during the pandemic, the variety of 

activities the child engages with at home, and the proportion of people in the school zip code 

with a bachelor’s degree. 

Finally, we found that few parents reported that that their child's health was worse during 

the COVID-19 pandemic than before it. Racialization was a significant predictor of physical 

health: Black respondents and parents of Black children were at least twice as likely as their 

White counterparts to report that their child’s health was worse during the pandemic. This aligns 
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with prior research that shows poorer self-rated health among Black people despite the inclusion 

of controls (e.g., Subramanian et al., 2005). It may also reflect the broader racism-fueled health 

disparities we see in the U.S., which operate through social and socioeconomic stress, 

neighborhood and school segregation, differential access to medical care and exposure to 

discrimination when seeking treatment, and other pathways (Bonilla-Silva, 2020; Williams & 

Mohammed, 2009). It is important to note here that this is the case even among a predominantly 

middle/upper-middle class sample. In supplemental analyses (not presented in this report), we 

confirmed that the Black-White health disparities persist despite controlling for household 

income.  

Further, students in higher grades are more likely to reportedly have worse physical 

health during the pandemic. Respondents who work outside the home and had focal children 

attending private school in 2019-2020 more often reported that their child’s mental health had 

worsened since the advent of the pandemic. 

The quarantine is a new experience, which introduces uncertainty and many opportunities 

for things to go wrong. However, many respondents reported a relatively positive picture of how 

their kids are faring education-wise, all things considered. At the same time, it is worth noting 

that the disproportionate Whiteness and higher incomes and education-levels within our sample 

likely provide substantial structural support to facilitate this. Moving forward, it will be 

imperative to consult more representative samples to get a better sense of socioeconomic and 

racialized disparities that the pandemic is producing. If students with privilege are doing 

relatively well and those who have been historically marginalized are seeing worse outcomes, 

academic and other disparities may widen during this time, similar to ways that the “achievement 

gap,” or rather the societal “education debt,” widens when school is not in session during the 

summer (Alexander et al., 2007; Ladson-Billings, 2006). Further, it is important to note that we 

conducted the survey for this research during the first few months of the pandemic, so there was 

relatively little time for effects to manifest. Future studies that examine educational outcomes 

throughout the crisis will be important for documenting students’ experience along the way. 

Cohort studies in decades to come will also be important to better understand possible long-term 

effects which many are currently anticipating (e.g., CDC, 2020). 
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APPENDIX

Table 1: RQ1: Bivariate Logistic Regression Models Predicting School
Policies/ Practices During COVID●

(1) (2) (3)
Computer Required Video Learning Frequent School Comm

Coef./(se) Coef./(se) Coef./(se)

Child Characteristics
Race/ Ethnicity
White/ European Only Ref Ref Ref

(—) (—) (—)
African-American/Black Only/Multiracial -0.104 0.0977 -1.991

(0.570) (0.799) (1.051)
Native Only/Multiracial -0.392 0 0

(0.837) (—) (—)
Latino/a/x Only/Multiracial -0.210 -0.270 -1.655

(0.633) (0.820) (1.065)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial -1.308∗ 0.529 0.465

(0.517) (0.782) (0.466)

Gender
Cis Female Ref Ref Ref

(—) (—) (—)
Cis Male 0.354 0.106 -0.540

(0.303) (0.438) (0.320)
Trans, Nonbinary, Genderqueer/ Genderfluid 0 0 0

(—) (—) (—)

Requires Accommodations in School -0.203 -0.0971 0.200
(0.377) (0.540) (0.386)

Grade Level 0.174∗∗∗ -0.0436 -0.0303
(0.0473) (0.0617) (0.0456)

Respondent Characteristics
Race/ Ethnicity
White/ European Only Ref Ref Ref

(—) (—) (—)
African-American/Black Only/Multiracial 0.0918 -0.0870 0

(0.929) (1.120) (—)
Native Only/Multiracial -1.007 0 0

(1.237) (—) (—)
Latino/a/x Only/Multiracial -0.131 0.701 -1.597

(0.630) (1.070) (1.060)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial -0.681 1.348 0.983∗

(0.467) (1.049) (0.465)

Gender
Cis Female Ref Ref Ref

(—) (—) (—)
Cis Male -0.226 0.359 -0.169

(0.475) (0.778) (0.511)
Trans, Nonbinary, Genderqueer/ Genderfluid 0 0 0

(—) (—) (—)

Employment Status
Works at Home Ref Ref Ref

(—) (—) (—)
Works Away from Home -0.803 -0.681 -0.346

(0.445) (0.539) (0.457)
Not Working -0.0458 0.00377 -0.575

(0.365) (0.554) (0.409)
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Household Characteristics
2019 Pre-Tax Income USD
Under 60k Ref Ref Ref

(—) (—) (—)
60k-99,999.99 -0.818 0.214 0.209

(0.559) (0.648) (0.654)
100k-149,999.99 -0.288 0.784 1.171∗

(0.520) (0.635) (0.569)
150k or More -0.499 1.232 0.597

(0.503) (0.656) (0.566)

Highest Degree
Up to Associates Ref Ref Ref

(—) (—) (—)
Bachelor’s -0.223 -0.226 0.755

(0.480) (0.622) (0.526)
Graduate -0.417 0.352 0.616

(0.413) (0.573) (0.470)

Total People 0.234 0.0548 0.0440
(0.148) (0.207) (0.145)

School Type
Traditional Public in Residential Zone Ref Ref Ref

(—) (—) (—)
Other Public 0.668 1.053 0.198

(0.421) (0.766) (0.413)
Private 1.130 0 0.304

(0.680) (—) (0.588)

Local Policy
Active Stay at Home Order 0.521 0.227 -0.745

(0.434) (0.592) (0.429)

School Zip Code Characteristics
Proportion Population White Only 1.150 -3.114∗ 1.182

(0.765) (1.449) (0.840)
Median Income in 1000s USD -0.000686 0.00724 0.00267

(0.00498) (0.00850) (0.00514)
Proportion 25+ Aged Population w/ Bachelor’s+ -0.367 2.626∗ 0.354

(0.725) (1.182) (0.760)

School County Urban/Rural Level
Large Central Metro Ref Ref Ref

(—) (—) (—)
Large Fringe Metro 0.908∗ -1.245 0.668

(0.410) (0.676) (0.407)
Medium Metro -0.460 -1.504∗ 0.747

(0.503) (0.754) (0.501)
Small Metro 0.313 -2.315∗∗∗ -0.333

(0.495) (0.690) (0.610)
Micropolitan 0.942 -2.092∗ 2.031∗

(0.866) (0.981) (0.874)
Noncore 0.0253 -2.315∗ -0.495

(1.025) (1.006) (1.124)

Observations 168-183 174-192 176-192
●NOTES: 1) ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001 2) Values in parentheses are standard errors. 3) ”Ref”=”reference category”
for variables with 3+ categories. 4) A coefficient of 0 indicates there is no variation in the outcome for that variable/category.
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Table 2: RQ2: Bivariate Logistic Regression Models Predicting Parent
Attitudes About Distance Learning●

(1) (2) (3)
Academic Expecations Support and Resources Meaningful Learning

Coef./(se) Coef./(se) Coef./(se)

School Responses
Computer Required for Schoolwork -0.426 -0.133 -0.128

(0.301) (0.316) (0.307)
Virtual Classroom or Meeting Sessions 1.295∗∗ 1.091∗ 1.180∗∗

(0.472) (0.437) (0.447)
School Communicates 5+ Times Per Week 0.619 0.823∗ 0.464

(0.322) (0.361) (0.329)

Changes in Child Health
Physical Health Worse During COVID 0.0323 0.0455 -0.748∗

(0.313) (0.330) (0.318)
Mental Health Worse During COVID -0.195 -0.165 1.108

(0.523) (0.541) (0.659)

Child Characteristics
Race/ Ethnicity
White/ European Only Ref Ref Ref

(—) (—) (—)
African-American/Black Only/Multiracial -0.693 -0.232 -0.577

(0.555) (0.558) (0.547)
Native Only/Multiracial -0.288 0.972 -0.443

(0.835) (1.111) (0.836)
Latino/a/x Only/Multiracial -0.105 0.867 1.061

(0.630) (0.803) (0.802)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial 0.272 0.125 -0.0755

(0.477) (0.493) (0.469)

Gender
Cis Female Ref Ref Ref

(—) (—) (—)
Cis Male -0.474 -0.489 -0.746∗

(0.293) (0.309) (0.302)
Trans, Nonbinary, Genderqueer/ Genderfluid 0 0 0

(—) (—) (—)

Requires Accommodations in School -0.327 -0.0995 -0.652
(0.367) (0.384) (0.369)

Grade Level -0.0308 -0.00797 -0.0421
(0.0419) (0.0441) (0.0428)

Respondent Characteristics
Race/ Ethnicity
White/ European Only Ref Ref Ref

(—) (—) (—)
African-American/Black Only/Multiracial -0.195 0.0619 1.216

(0.833) (0.884) (1.109)
Native Only/Multiracial -0.888 0.0619 -1.087

(1.236) (1.237) (1.236)
Latino/a/x Only/Multiracial 0.141 0.467 0.705

(0.609) (0.689) (0.688)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial 0.567 0.350 -0.212

(0.487) (0.510) (0.461)

Gender
Cis Female Ref Ref Ref

(—) (—) (—)
Cis Male 0.0751 -0.450 0.758

(0.467) (0.470) (0.536)
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Trans, Nonbinary, Genderqueer/ Genderfluid 0 0 0
(—) (—) (—)

Employment Status
Works at Home Ref Ref Ref

(—) (—) (—)
Works Away from Home -0.0623 0.261 -0.294

(0.414) (0.443) (0.418)
Not Working 0.392 0.531 0.0212

(0.364) (0.397) (0.367)

Household Characteristics
2019 Pre-Tax Income USD
Under 60k Ref Ref Ref

(—) (—) (—)
60k-99,999.99 -0.163 0.0220 0.368

(0.521) (0.574) (0.526)
100k-149,999.99 0.102 -0.0134 0.0110

(0.475) (0.518) (0.470)
150k or More -0.166 -0.549 0.690

(0.455) (0.488) (0.464)

Highest Degree
Up to Associates Ref Ref Ref

(—) (—) (—)
Bachelor’s 0.196 -0.427 0.196

(0.457) (0.498) (0.457)
Graduate 0.0418 -0.420 0.523

(0.392) (0.436) (0.396)

Total People 0.0678 0.347∗ -0.0124
(0.138) (0.164) (0.139)

Child Basic Needs and Activities During COVID-19
Child Sleeps Less During COVID -0.674 -0.543 -1.145∗∗

(0.384) (0.385) (0.391)
COVID Has Not Negatively Impacted Feeding Family 1.364∗ 0.648 0.159

(0.543) (0.487) (0.490)

Number of Hours/Week of Schoolwork During COVID
0-3 Ref Ref Ref

(—) (—) (—)
4-5 0.0860 -0.0752 0.457

(0.468) (0.472) (0.471)
6-9 0.877 1.188∗ 0.354

(0.463) (0.528) (0.453)
10-19 0.864∗ 0.243 0.744

(0.436) (0.438) (0.437)
20+ 0.327 0.436 1.196∗

(0.492) (0.517) (0.539)

Respondent Helps More w/ Schoolwork During COVID -0.0726 -0.107 -0.318
(0.315) (0.333) (0.327)

Hours/Week Using Tech for Schlwrk During COVID
0-3 Ref Ref Ref

(—) (—) (—)
4-5 -0.539 -0.00396 -0.916

(0.494) (0.515) (0.515)
6-9 0.118 0.130 -0.136

(0.486) (0.509) (0.522)
10-19 -0.154 -0.0559 -0.603

(0.454) (0.473) (0.481)
20+ 0.148 -0.215 -0.329
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(0.516) (0.526) (0.544)

Hours/Week Using Tech NOT for Schlwrk During COVID
0-3 Ref Ref Ref

(—) (—) (—)
4-5 -0.539 -0.00396 -0.916

(0.494) (0.515) (0.515)
6-9 0.118 0.130 -0.136

(0.486) (0.509) (0.522)
10-19 -0.154 -0.0559 -0.603

(0.454) (0.473) (0.481)
20+ 0.0637 0.0753 -0.565

(0.454) (0.475) (0.479)

Communicates with Peers 5+ Times Per Week 0.304 0.674 0.267
(0.323) (0.363) (0.332)

Number of Home Activities 0.124 0.0555 0.165∗
(0.0783) (0.0815) (0.0803)

Engages in Physical Activity 0.390 0.581 0.360
(0.576) (0.579) (0.577)

Respondent Satisfaction with School Pre-COVID
Satisfied Acad Exp Pre-COVID 2.937∗∗∗ 1.198∗∗

(0.754) (0.447)
Satisfied School Support and Resources Pre-COVID 2.666∗∗∗ 1.894∗∗

(0.781) (0.670)

School Type
Traditional Public in Residential Zone Ref Ref Ref

(—) (—) (—)
Other Public 0.235 0.580 -0.229

(0.390) (0.442) (0.389)
Private 0.846 0.357 0.888

(0.615) (0.617) (0.673)

Local Policy
Active Stay at Home Order -0.195 0.181 -0.674

(0.421) (0.431) (0.467)

School Zip Code Characteristics
Proportion Population White Only 0.948 1.605∗ 1.325

(0.746) (0.777) (0.758)
Median Income in 1000s USD -0.00231 -0.00444 0.00386

(0.00487) (0.00503) (0.00514)
Proportion 25+ Aged Population w/ Bachelor’s+ -0.309 -0.822 1.801∗

(0.707) (0.748) (0.747)

School County Urban/Rural Level
Large Central Metro Ref Ref Ref

(—) (—) (—)
Large Fringe Metro 0.643 0.803 -0.328

(0.390) (0.424) (0.387)
Medium Metro 0.722 1.230∗ -0.132

(0.488) (0.592) (0.483)
Small Metro 0.381 0.588 -0.478

(0.491) (0.530) (0.491)
Micropolitan 1.009 1.463 1.218

(0.864) (1.102) (1.103)
Noncore County 0.0931 0.365 0.120

(0.845) (0.893) (0.895)

Observations 175-194 175-194 179-194
●NOTES: 1) ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001 2) Values in parentheses are standard errors. 3) ”Ref”=”reference category”
for variables with 3+ categories. 4) A coefficient of 0 indicates there is no variation in the outcome for that variable/category.
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Table 3: RQ1: Bivariate Logistic Regression Models Predicting Physi-
cal/ Mental Health During COVID●

(1) (2)
Physical Health Mental Health

Coef./(se) Coef./(se)

School Responses
Computer Required for Schoolwork 0.576 0.174

(0.330) (0.550)
Virtual Classroom or Meeting Sessions -0.695 0.833

(0.444) (1.057)
School Communicates 5+ Times Per Week 0.0306 0.306

(0.337) (0.542)

Child Characteristics
Race/ Ethnicity
White/ European Only Ref Ref

(—) (—)
African-American/Black Only/Multiracial 1.192∗ 0

(0.560) (—)
Native Only/Multiracial 0 0.780

(—) (1.140)
Latino/a/x Only/Multiracial -0.195 0

(0.703) (—)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial -0.130 0.138

(0.518) (0.807)

Gender
Cis Female Ref Ref

(—) (—)
Cis Male -0.223 -0.658

(0.316) (0.568)
Trans, Nonbinary, Genderqueer/ Genderfluid 0 0

(—) (—)

Requires Accommodations in School 0.0392 0.695
(0.392) (0.574)

Grade Level 0.120∗∗ -0.0426
(0.0460) (0.0774)

Respondent Characteristics
Race/ Ethnicity
White/ European Only Ref Ref

(—) (—)
African-American/Black Only/Multiracial 2.477∗ 0

(1.111) (—)
Native Only/Multiracial 0 1.784

(—) (1.264)
Latino/a/x Only/Multiracial 0.174 0

(0.639) (—)
Asian/Pac. Islr/ Middle Eastern Only/Multiracial 0.382 0.226

(0.486) (0.807)

Gender
Cis Female Ref Ref

(—) (—)
Cis Male -0.0727 0.201

(0.515) (0.796)
Trans, Nonbinary, Genderqueer/ Genderfluid 0 0

(—) (—)

Employment Status
Works at Home Ref Ref

(—) (—)
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Works Away from Home -0.0163 1.255∗
(0.449) (0.629)

Not Working -0.218 0.504
(0.392) (0.654)

Household Characteristics
2019 Pre-Tax Income USD
Under 60k Ref Ref

(—) (—)
60k-99,999.99 0.267 0.584

(0.564) (1.254)
100k-149,999.99 0.259 1.039

(0.513) (1.123)
150k or More -0.116 1.126

(0.504) (1.095)

Highest Degree
Up to Associates Ref Ref

(—) (—)
Bachelor’s 0.616 -1.769

(0.494) (1.143)
Graduate 0.131 -0.182

(0.442) (0.620)

Total People 0.280 0.255
(0.150) (0.216)

Child Basic Needs and Activities During COVID-19
Child Sleeps Less During COVID 0.0434 0.0625

(0.405) (0.670)
COVID Has Not Negatively Impacted Feeding Family 1.395 -0.901

(0.767) (0.695)

Number of Hours of Schoolwork Each Week During COVID
0-3 Ref Ref

(—) (—)
4-5 0.0752 -0.318

(0.472) (0.944)
6-9 -0.702 0.780

(0.490) (0.747)
10-19 -0.763 -0.245

(0.465) (0.846)
20+ -0.782 -0.118

(0.542) (0.948)

Respondent Helps More Hours/Week with Schoolwork During COVID -0.154 -0.315
(0.334) (0.542)

Number of Hours Using Tech for Schoolwork Each Week During COVID
0-3 Ref Ref

(—) (—)
4-5 -0.114 -1.354

(0.538) (1.147)
6-9 -0.241 0.290

(0.533) (0.719)
10-19 -0.231 -0.280

(0.496) (0.746)
20+ 0.345 -1.248

(0.531) (1.149)

Number of Hours Using Tech NOT for Schoolwork Each Week During COVID
0-3 Ref Ref

(—) (—)
4-5 -0.114 -1.354
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(0.538) (1.147)
6-9 -0.241 0.290

(0.533) (0.719)
10-19 -0.231 -0.280

(0.496) (0.746)
20+ 0.429 -1.043

(0.471) (0.897)

Communicates with Peers 5+ Times Per Week 0.491 -0.641
(0.334) (0.661)

Number of Home Activities -0.101 0.205
(0.0836) (0.155)

Engages in Physical Activity -0.688 0
(0.580) (—)

School Type
Traditional Public in Residential Zone Ref Ref

(—) (—)
Other Public -0.0424 1.088

(0.420) (0.607)
Private -0.126 1.512∗

(0.619) (0.746)

Local Policy
Active Stay at Home Order 0.0348 -0.841

(0.457) (0.621)

School Zip Code Characteristics
Proportion Population White Only -0.688 -0.449

(0.786) (1.296)
Median Income in 1000s USD -0.00887 -0.00462

(0.00586) (0.00957)
Proportion 25+ Aged Population w/ Bachelor’s+ -1.223 0.233

(0.773) (1.267)

School County Urban/Rural Level
Large Central Metro Ref Ref

(—) (—)
Large Fringe Metro -0.107 -0.521

(0.406) (0.826)
Medium Metro -0.357 0.121

(0.529) (0.840)
Small Metro -0.0690 0.977

(0.515) (0.681)
Micropolitan 0 0.814

(—) (1.164)
Noncore 0.624 0

(0.847) (—)

Observations 173-191 158-191
●NOTES: 1) ∗ p < 0.05, ∗∗ p < 0.01, ∗∗∗ p < 0.001 2) Values in parentheses are standard errors. 3) ”Ref”=”reference category”
for variables with 3+ categories. 4) A coefficient of 0 indicates there is no variation in the outcome for that variable/category.
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